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= choose a set of K arms among M arms at each round...
= ...to maximize the expected reward in the long run
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different feedback (reward) mechanisms

= a rather complicated problem compared to the classical MAB
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Electronic Health Records (EHR)

= body of digital information related to patients’ medical history:
= past diagnoses and treatments

= medical images (e.g. CT, PET)

= vital measurements in ICU

= blood pressure measurements

= vaccination cards

= various past test results ordered by the doctors
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different data in EHR may be critical in different contexts

= patient context: age, past diagnoses, current treatment, smoking status...

= doctor context: set by doctor, e.g., “the possibility of admission to ICU in
the next 24h"

= contextual awareness: can we use Gaussian processes?
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= maybe, but...
= how can we digitalize the (fairly often) semantic context in a smart way?
= a not at all trivial challenge
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Combinatorial Gaussian Process Upper-confidence
Bound Algorithms

= optimism: a provably efficient heuristic in the broader area of MAB
algorithms

= + Gaussian process: contextual awareness

= -+ combinatorial structure: a collection of item recommendations from
the EHR

= reward: feedback from the doctors regarding the usefulness of the individual
recommendations

= goal: to learn recommending relevant and actionable data from EHR in a
context-aware manner

= bonus (interpretability): can the recommendation engine provide some
sort of explanation regarding its recommendations?

CYBORG




Candidate System Model

1 di, by I
o 5 &

2
Query, g; (d¢, hy) 4 L
A .
= < Recommendation
>» Engine
Dataset K individual data = Y

ints (L
points (L) 5 Rating
3

6 Model update
Qi1 < Gt

CYBORG




References I

[§ Rawal, Y. (2020).
Electronic health records (ehr) on blockchain can be transformational.
https://medium.com/akeo-tech/electronic-health-records-ehr-on-
blockchain-can-be-transformational-ecc4974659f1.

CYBORG




	MAB
	References

